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Abstract

Malaria persists as a problematic disease in Africa. It is the main cause of morbidity
and mortality of children and efforts are currently being pooled to increase the control
measures within endemic countries. With this in mind, we developed and applied a malaria
control strategy from a computational perspective, to analyze, predict and offer appropriate
recommendations and control measures of malaria data obtained from WHO ten Sub Saharan
countries malaria report of 2008 . The analytical tool used is based on the C# programming
language embedded artificial neural network intelligence system. From the outcome obtained,
the system demonstrated some level of intelligence and showed the effects and impacts of
some controllable factors on future malaria occurrence. The system at 90% prediction
intensity showed malaria infection course to decline sharply by 2014 in all the study
countries, ranging from 15.71% in Madagascar, 35.46% in Malawi, 38.44% in Nigeria,
38.98% in Sudan , 39.05% in Ethiopia 39.09% in Zambia, 40,08% in Ghana, 42.61% in
Kenya, 45.21% in Uganda and 46.63% Mozambique respectively. Therefore, more future
prevention, control and management interventions are needed in Madagascar and
Mozambique by 2014 as compared to the rest of the countries studied. In conclusion, the tool
can be used to produce sensible and logical results which can be applied to achieve reduction
of possible future malaria occurrences by governmental, NGOs and other relevant health
agencies for proper public health planning.
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1. Introduction

The most fatal and prevalent form of the malaria infection is caused mainly by a blood-
borne pathogen Plasmodium falciparum. The negative impact of the infection is huge and the
socio-economic is estimated to a loss tune of US$12 billion yearly [1, 2].

The disease is common in several tropical and sub-tropical areas. It is currently endemic
in over 100 countries, which are visited by more than 125 million travelers every year [3].
The spread of the disease has increased in Africa due to malaria parasite resistance to
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common anti-malaria drugs [4-6] and social economic status [7].Children and pregnant
women are the most vulnerable endangered by the disease [8].

There are several organizational groups responsible for malaria fight in Africa:
Multilateral Initiative on Malaria (MIM), WHO/TDR, African Malaria Network trust
(AMANET), President’s malaria Initiative (PMI), USAID, National Institute for Health
(NIH), African Network on Vector Resistance (ANVR), Malaria Vaccine Initiative (PATH-
MVI) just to mention a few. The efforts put forward have help to reduce the spread of the
disease worldwide. Several factors responsible for the spread of malaria include, favorable
climate change for the mosquitoes, lack of effective vaccines [9, 10], development of malaria
parasite resistance to drugs [12, 13, and 14] and major limitations that does not allow the
common usage of available chemosensory based parasite control [15]. All these factors have
created an urgent need for the development and implementation of additional control
strategies.

In this research, however, we focused on some ‘“controllable” factors which could
influence the spread of malaria occurrences. Ten African countries were considered in this
study. They are Nigeria, Madagascar, Ghana, Kenya, Ethiopia, Zambia, Malawi, Uganda,
Mozambique and Sudan. The WHO (World Health Organization data (2001-2007) of malaria
occurrences for all ages from the following countries were used for the analysis in this study.

Several works with regards to malaria occurrences in these African countries have been
carried out. Some of the countries in view are:

2. Materials and Methods

Nigeria: There had been several cases of malaria incidences in Nigeria. Studies carried out
by Obiajunwa and colleagues [16] showed that congenital malaria is highly
prevalent in lle-Ife, Nigeria, with a paucity of its clinical manifestations in
newborns. Recently, studies showed the possible risk factors for the occurrences of
congenital malaria, using a tertiary healthcare hospital in the south western part of
Nigeria as a case study [17]. This therefore, necessitates the need to explore the
potency of computational approaches in analyzing such cases of malaria occurrence
in Nigeria. This will also help to provide insight to some of the control measures
against malaria incidences in the future.

Ghana: Ghana, a West African country, is not without incidences of malaria. In the reports
by Fenn and colleagues [18], incidences of malaria occurrence in northern part of
Ghana were confirmed mainly through laboratory analysis. Early reports in the
southern part by Ahorlu and colleagues [19], also established a research
infrastructure in two ecological zones, to study the variables of malaria
transmissions and the possible control measures. Other studies were also
investigated by Yaw and colleagues [20] when they explored the effects of irrigated
urban agriculture on cases of malaria occurrences in Kumasi. It was revealed that
more cases of malaria transmissions were common in irrigated urban regions than
the non-irrigated regions.

Kenya: Kenya is one of the East African countries affected by malaria. Several studies have
been conducted especially in the Suba District of western Kenya to characterize
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larval habitats of Anopheline mosquitoes and to analyze the spatial heterogeneity of
the species. The study revealed that An. gambiae was relatively abundant within the
Suba district. This therefore, accounted for the high cases of malaria incidences in
this particular district of Kenya [21].

Ethiopia: The incidence of malaria occurrence in Ethiopia have been attributed and estimated
since 1958 not to be less than three million cases. Deaths that have resulted from this
incidence may have exceeded 150,000 according to Fontaine et al [22]. Another
study by Tarekegn and colleagues [23] described the spatial and temporal variations
in malaria epidemic risk in Ethiopia. A weather based prediction of Plasmodium
falciparum malaria in epidemic-prone regions of Ethiopia, was recently reported by
Hailay and colleagues [24].

Zambia: In Zambia, malaria is a serious illness with its adverse effects on children less than
5 years of age [25]. Studies by Chanda and colleagues[26] revealed that the use of
folic acid treatment either with sulfadoxine/pyrimethamine (SP) or
atovaquone/proguanil (AP); had no effect on the level of parasitemia in children and
the occurrences of malaria among Zambian children with anemic malaria.

Malawi: Reported cases of malaria occurrences in Malawi have been detrimental to its
populace. A model revealed the effect of malaria endemicity on spatial variations in
childhood fever, diarrhoea and pneumonia. The risk of fever however, was
positively associated with the high and medium malaria endemicity levels relative to
the low endemicity level, while for diarrhoea and pneumonia a marginal positive
association was observed [27].

Uganda: Uganda is one of the countries severely affected by malaria. In a prospective cohort
study carried out discovered a combination of co-trimoxazole, antiretroviral therapy,
and insecticide-treated bed nets substantially reduced the frequency of malaria in
adults with HIV [28].

Sudan: Sudan is one of the most endemic malaria regions in Africa. A recent study by
Hamad and colleagues [29] showed the effects of Chronic Plasmodium falciparum
malaria infections in Sudanese villages. In another study carried out in Southern
Sudan, the results provided an important missing data on anti-malarial drug efficacy
in southern Sudan. It was observed that none of the drugs could be used as mono-
therapy [30].

Mozambique: In the Southern region of Africa, malaria has been identified as major problem
among the Mozambicans. The various control measures and burden of the malaria in
Mozambique has been highlighted by Mabunda [31].

3. Computational strategy as a control and reduction factor for malaria
incidences

Programming is one of the fields of computing. It thus acts as a computational strategy
that finds expression and relevance in healthcare research. From the computer science
perspective, it involves the design, scheduling, or planning accorded to a computer program
through a sequence of instructions to enable such program accomplish a specific task. With
this in view, we developed a malaria incidence predicting system using a computational
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programming approach. We developed and implemented a simple program to build a
prototype predicting system, by using the C# programming language and embedding an
artificial intelligence component into the system. The neuro-fuzzy system is a type of an
artificial neural network that has been applied in several research works namely: modeling to
reduce health effects [39], improvement of trypanocidal metabolites production [40], and
color and shape retrieval [41]. Our predicting system, however, reasons and takes logical
decisions based on the increase or decrease in corresponding controllable factors responsible
for the disease. From research findings, computer programming has been applied to other
areas of health research namely: the construction of expert systems for the management of
pests and diseases [32], information systems in food safety management [33], an expert
system for malaria environmental diagnosis [34], an online operational alert system for the
early detection of shrimp epidemics [35], a computer-based expert system for malaria
environmental diagnosis [36], knowledge-based data mining system for diagnosing malaria
related cases [37] and secured information framework for managing malaria related cases
[38].

3.1 Implementation

We developed and implemented a simple program to build a prototype predicting
system, by using the C# programming language. In the development of the application, some
controllable factors were put into consideration that could help offer good control measures
of the malaria occurrences. These controllable factors were; improvement and distribution of
malaria drugs, the effectiveness and distribution of insecticide treated nets, spray and better
drainage systems, advancement in malaria research/training and the development of an
effective management. Experiment was performed by feeding the annual data of each country
into the predicting system and by regulating some malaria occurrence influencing factors to
30%, 60% and 90% respectively.

The first country on the list was Nigeria. The screen shots of the graphical results were
obtained and displayed for Nigeria. Similarly and subsequently, the same experiment was
conducted on nine other African countries with the tabular results displayed accordingly.
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3.2 The Framework and components of the prototype malaria incidence predicting
system.

The User Component

y

A 4
Graphical User Interface (GUI)

Component
A

Application Component

|

Artificial intelligence component
(neuro-fuzzy concept, reasoning, logical
decisions)

Fig. 1 Framework for the Malaria Incidence Predicting System

The framework of the malaria incidence predicting system is made up of four
components, namely;
(i) The User component

(i) The GUI component

(iii) The Application component

(iv) Artificial intelligence component

4. Data collection and management

The malaria incidence data used for this study was obtained from the World Health
Organization (WHO) authorities, which was granted by permission, to make use of the
Malaria incidences data from the WHO Malaria World Report of 2008. The data (2001-
2007) of the malaria occurrences for all ages from the following countries: Nigeria,
Madagascar, Ghana, Kenya, Ethiopia, Zambia, Malawi, Uganda Sudan and Mozambique
were used as shown in Table 1.2 The data set for each country was grouped into training sets.
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Table 1 Reported malaria cases from different African Countries from WHO Malaria Report 2008

2001 2002 2003 2004 2005 2006 2007
Years/Countries Malaria | Malaria | Malaria | Malaria Malaria | Malaria | Malaria
Cases, Cases, Cases, Cases, Cases, Cases, Cases,
All All All Ages | All Ages | All Ages | All Ages All
Ages Ages Ages
1.Nigeria 2253519 | 2605381 | 2608479 | 3310229 | 3532108 | 3982372 | 2969950
2. Madagascar 1356520 | 1598818 | 2198035 | 1458428 | 1227632 | 1012639 | 790510
3. Ghana 3044844 | 3140893 | 3552896 | 3416033 | 3452569 | 3511452 | 3123147
4, Kenya 3262931 | 3319399 | 5090639 | 7545541 | 9181224 | 7958704 | N/A
5. Ethiopia 2264322 | 2515191 | 3143163 | 5706167 | 3361717 | 3759960 | 1214921
6. Zambia 3838402 | 3760335 | 4346172 | 4078234 | 4121356 | 4731338 | N/A
7. Malawi 3823796 | 2784001 | 3358960 | 2871098 | 3688389 | 4204468 | N/A
8. Uganda 9000000 | 9800000 | 11000000 | 12000000 | 16000000 | 12792759 | N/A
9. Sudan 4223413 | 3516456 | 3730993 | 2559669 | 2853275 | 2223987 | 2778207
10.Mozambique | 3947335 | 4592799 | 4863406 | 5610884 | 5896411 | 6335757 | 6327916

Reported of malaria cases from different African Countries from WHO Malaria Report 2008 —
Cited by permission and authorization

5. Results of Experiment

The computational results of the occurrences using our C# program varied among the
countries studied. The system was able to produce a reliable and sensible data which can be
used to estimate the future outcome of malaria infections. The malaria infection course was
predicted to decline sharply by 2014 in all the study countries ranging from 15.71% in
Madagascar to 45.21% in Uganda from the C# programming language prediction using the
90% intensity of malaria control prediction. Therefore, more future interventions are needed
in Madagascar by 2014 than the rest of the countries in the management, control, prevention
and spread of the malaria infections.
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E® A Simple C# Program for Malaria Occurence Prediction. Developed By Gbenga Oluwaghem
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Fig.1a Results generated for Nigeria for 30% prediction from our malaria occurrences predicting system
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Fig.1b Results generated for Nigeria for 60% prediction from our malaria occurrences predicting system.
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Fig.1c Results generated for Nigeria for 90% prediction from our malaria occurrences predicting system
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The results from Nigeria with a 90% intensity of malaria control measure prediction
showed that about 2018717, 1955047, 1901989, 1856890, 1817940, 1783859, and 1753711
cases of malaria occurrences was predicted for 2008, 2009, 2010, 2011, 2012, 2013 and 2014
respectively. This represents an estimated overall reduction of malaria predicted cases of
about 38.44% as shown in Figure 2.

The analysis for Madagascar using the 90% intensity of malaria control measure, the
result from Madagascar showed that about 1188756, 1176959, 1167128, 1158771, 1151554,
and 1145240 cases of malaria occurrences was predicted for the years 2008, 2009, 2010,
2011, 2012, 2013 and 2014 respectively. This represents an estimated overall reduction of
malaria predicted cases to about 15.71% (Figure 3).

The reduction was also observed for Ghana using the 90% intensity of malaria control
measure: 2160131, 2087623, 2027199, 1975839, 1931483, 1892671 and 1858338 predictions
for the years 2008, 2009, 2010, 2011, 2012, 2013 and 2014 respectively. This represents an
estimated overall reduction of malaria predicted cases of about 40.08% (Figure 4).

The same trend was observed for Kenya were the 90% intensity of malaria control
measurement showed that about 3320113, 3175106, 3054267, 2951554, 2862847, 2785228,
and 2716565 was predicted for the years 2008, 2009, 2010, 2011, 2012, 2013 and 2014
respectively. This represents an estimated overall reduction of malaria predicted cases of
about 42.61%. This was depicted in Figure 5.

The reduction at 90% intensity of malaria control measurement for Ethiopia was about
2068960, 2002150, 1946475, 1899151, 1858281, 1822519 and 1790884 predictions from
2008, 2009, 2010, 2011, 2012, 2013 and 2014 respectively. This represents an estimated
overall reduction of malaria predicted cases of about 39.05 % as shown in Figure 6.

The trend for Zambia at 90% intensity of malaria control measurement was 2363626,
2278399, 2207377, 2147008, 2094871, 2049252 and 2008896 predictions from 2008, 2009,
2010, 2011, 2012, 2013 and 2014 respectively. This represents an estimated overall reduction
of malaria predicted cases of about 39.09% (Figure 7).

For Malawi at 90% intensity of malaria control measurement were 2067545, 2000824,
1945222, 1897961, 1857145, 1821430, and 1789837 predictions for the years 2008, 2009,
2010, 2011, 2012, 2013 and 2014 respectively. This represents an estimated overall reduction
of malaria predicted cases of about 35.46% (Figure 8).

The experimental analysis was carried out, with a 90% intensity of malaria control
measure and the predicted result for Uganda showed that about 6129120, 5871050, 5655992,
5473192, 5315320, 5177181 and 5054982 was predicted for the years 2008, 2009, 2010,
2011, 2012, 2013 and 2014 respectively. This represents an estimated overall reduction of
malaria predicted cases of about 45.21% as shown in Figure 9.

The trend for Sudan at 90% intensity of malaria control measurement read 2063286,
1996830, 1941451, 1894378, 1853725, 1818153 and 1786686 predictions level
corresponding to the years 2008, 2009, 2010, 2011, 2012, 2013 and 2014 respectively. This
represents an estimated overall reduction of malaria predicted cases of about 38.98%. This
was depicted in Figure 10.
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Mozambique had the following experimental analysis at 90% intensity of malaria
control measurement: 3183893, 3047400, 2933656, 2836973, 2753474, 2680413, and
2615781 predictions for the years 2008, 2009, 2010, 2011, 2012, 2013 and 2014 respectively.
This represents an estimated overall reduction of malaria predicted cases of about 46.63 %

(Figure 11).
Figure 2. Graphical depiction of the predicted results for Cases of
NMalaria Ocoulrences in Nigeria.
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Figure 2. Graphical depiction of the predicted results for Cases of Malaria Occurrences in Nigeria.
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Figure 3. Predicted Results for Cases of Malaria Occurrences in Madagascar
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Figure 4. Graphical depiction of the predicted results of cases of malaria
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Figure S. Graphical depiction of the predicted results of cases of malaria
incidencesin Kenya
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Figure 5. Predicted Results for Cases of Malaria Occurrences in Kenya

Graphical depiction of the predicted results of cases of malaria
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Figure 6. Predicted Results for Cases of Malaria Occurrences in Ethiopia

Graphical depiction of the predicted results of cases of malaria
incidences in Zambia
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Figure 7. Predicted Results for Cases of Malaria Occurrences in Zambia
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Graphical depiction of the predicted results of cases of malaria
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Figure 8. Predicted Results for Cases of Malaria Occurrences in Malawi
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Figure 9. Predicted Results for Cases of Malaria Occurrences in Uganda
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Figure 10. Predicted Results for Cases of Malaria Occurrences in Sudan
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Graphical depiction of the predicted results of cases of malaria
incidences in Mozambique
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Figure 11. Predicted Results for Cases of Malaria Occurrences in Mozambique

6. Discussion

From Fig.1la, 1b, 1c, and Table 2, it can be observed that the combined factors of
different malaria control measures helped to greatly reduce the incidences of malaria
occurrence countries studied. This can be observed for countries like Madagascar, Ghana,
Kenya, Ethiopia, Zambia, Malawi, Uganda Sudan and Mozambique. Figure 2 to Figure 11
shows the result generated by our predicting system for 30%, 60% and 90% combination
respectively. This shows that an effective combined effort of the use of controllable factors
such as insecticide treated nets, effective malaria drugs, effective insecticides spray, effective
drainage system, advancement in malaria research and the discovery of effective drugs can
help drastically to reduce the malaria incidences.

Based on the results, the following recommendations were proposed for each country:
Discussions and Recommendations

Nigeria: The result obtained for Nigeria thus shows that NGOs will help to achieve a
drastic reduction in malaria occurrences in Nigeria in the next seven years with a
good combination of the use of insecticide treated nets, advancement in scientific
research in the development of new malaria drugs and effective drug combination
strategy to combat Plasmodium falciparum resistance mechanisms, and the

construction of better drainage system to discourage breeding sites for mosquitoes.

Madagascar: Based on the result obtained from our predicting system, malaria reduction
in Madagascar can be achieved by Government investing more in malaria research
by providing funding for Malaria research institutes in that country. NGOs can also
help to supply insecticide treated nets in rural areas, especially villages where
mosquitoes are common. Government can also help by clearing swamps in such

villages.

Ghana: The predicted result obtained from Ghana shows that with the combined effort
malaria occurrences in the next seven years will be drastically reduced in Ghana
due to advancement in scientific research in the development of new malaria drugs

-12-
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and effective drug combination strategy to combat Plasmodium falciparum
resistance mechanisms. Also the re-construction of better drainage system to
discourage breeding sites of mosquitoes will be of help.

Kenya: The result obtained from Kenya shows that the malaria occurrences can be reduced
in the country by the use of more insecticide treated nets in rural areas, the
provision of good and clean environment in rural areas. Government agencies
should also invest more in advancing research in the development of new malaria
drugs that will be more effective in combating malaria.

Ethiopia: Government and Non-Governmental agencies can help reduce cases of malaria
incidences in Ethiopia by providing more community hospitals where malaria
drugs can be readily available with competent Pharmacists to correctly prescribe
drugs to patients instead of relying on self-medication and self-treatment.
Furthermore, Government should also provide effective and adequate drainage
systems in hot districts of Ethiopia, so as to truncate the developmental phases of
mosquitoes in swampy areas. Investment in malaria drug research will be of good
help.

Zambia: In Zambia, investment on advance research in the production of effective malaria
drugs will yield encouraging results. Secondly, in order to reduce child mortality
due to malaria, Government and Non-Governmental organizations should endeavor
to invest in the production of more effective insecticide spray, construction of good
road networks, introduction and enforcement of environmental sanitation
programs.

Malawi: The predicted result for Malawi shows that Governmental and Non-Governmental
agencies will help achieve a drastic reduction in malaria occurrences by promoting
and supporting scientific research in the development of new malaria drugs. The
use of effective insecticides, the effective drug combination therapy against
Plasmodium falciparum resistance and the re-construction of better drainage
system will help to discourage breeding sites of mosquitoes.

Sudan: The predicted result obtained for Sudan shows that Governmental and Non-
Governmental agencies will help achieve a reduction in malaria incidences by
investing in quality research in malaria drug combination to effectively tackle
malaria in the region. Furthermore, funding should be provided for research in the
development of insecticides that can truncate the malaria parasites development
within mosquitoes. Environmental sanitation will help to reduce the multiplicity of
mosquitoes thus reducing the spread of malaria.

Mozambique: The predicting system showed malaria reduction in Mozambique can be
achieved by Government investing more in malaria research by providing funding
for Malaria research institutes in that country. NGOs can also help supply
insecticide treated nets to rural areas, especially villages where mosquitoes are
many. Government can also help by clearing swamps in such villages and
establishing a weekly environmental sanitation program. Research into the
development of insecticides that can truncate malaria parasites should also be
funded by Government agencies in Mozambique.

-13-
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7. Conclusion

In conclusion, we agree to the fact that the application of computational approaches to
malaria research is a good development which can help offer probable solutions to the control
of malaria.

Acknowledgement

We acknowledge the WHO (World Health Organization) for granting us access,
permission and authorization to use the malaria epidemiological data in the WHO 2008
Malaria World Report, through the Communications Officer, Global Malaria Programme,
World Health Organization, Ravini Thenabadu. We also acknowledge Korede Olubajo for
the rigorous efforts and support he contributed towards the development of the malaria
occurrence predictive system.

References

[1] Breman, J.G., Alilio, M.S. and Mills, A., (2004), Conquering the intolerable burden of
malaria: what’s new, what’s needed: a summary. Am J. Trop. Med. Hyg., 71(2, Suppl.): 1-15.

[2] Gallup, J.L. and Sachs, J.D. (2001). The economic burden of malaria, Am J. Trop. Med.
Hyg., 64 (Suppl. 1-2):85-96.

[3] Malaria vector control and personal protection: report of a WHO Study Group. Geneva,
World Health Organization, 2007 (WHO Technical Report Series), ISBN 978 92 4 158039 7.

[4] Greenwood B, Mutabingwa T: Malaria in 2002. Nature 2002, 415:670-672

[5] Mugittu K, Genton B, Mshinda H, Beck HP (2006) Molecular monitoring of Plasmodium
falciparum resistance to artemisinin in Tanzania., Malaria Journal 2006, 5:126

[6] Roper C, Pearce R, Nair S, Sharp B, Nosten F, Anderson T , (2004) Intercontinental
spread of pyrimethamine-resistant malaria. Lancet 2004, 305:1123-1124

[7] Sachs J, Malaney P: The economic and social burden of malaria Nature 2002, 415:680-685

[8] Luxemburger C, McGready R, Kham A, Morison L, Cho T, Chongsuphajaisiddhi T,
White NJ, Nosten F (2001), Effects of malaria during pregnancy on infant mortality in an
area of low malaria transmission. American Journal of Epidemiology 2001, 154(5):459-465.

[9] Menard, R. Knockout malaria vaccine? Nature 433, 113-114, 2006

[10] Yimin W, Craig P, Elizabeth F, Sheila N, Bello-Irizary, Roxana I, Olga M, Gelu D,
Lynn L, David K, Yvette R, Carole AL, Li S, Michael C, Alan S, John S, Louis HM.
Sustained high-titer antibody responses induced by conjugating a malaria vaccine
candidate to outer-membrane protein complex. PNAS 2006;103: 18243-48.

[11] Yeh I, Altman RB. Drug Targets for Plasmodium falciparum: a post-genomic review/
survey. Mini Rev. Med. Chem.2006, 6(2):177-202.

[12] Oakeshott JG, Horne I, Sutherland TD, Russell RJ. The genomics of insecticide
resistance. Mini Rev. Genome Biology 2003; 4:202

[13] Weill M, Lutfalla G, Mogensen K, Chandre F, Berthomieu A, Berticat C, Pasteur N, Philips A,
Fort P, Raymond M.(2003), Insecticide resistance in mosquito vectors. Nature 2003; 423.137.

-14-



Egyptian Computer Science Journal ,ECS ,Vol. 36 No. 2, May 2012 ISSN-1110-2586

[14] Reimer LJ, Tripet F, Slotman M, Spielma A, Fondjo E, Lanzaro GC. (2005) An
unusual distribution of the kdr gene among populations of Anopheles gambiae on the
island of Bioko Equitorial Guinea. Insect Molecular Biology 14(6), 683-88.

[15] Wynand van der Goes van Naters and Carlson, J. Insects as chemosensors of humans
and crops. Insight Review Nature 444, 302-306, 2006.

[16] Obiajunwa, P. O., Owa , J. A. and Adeodu, O. O., Prevalence of Congenital Malaria in
lle-Ife, Nigeria, Journal of Tropical Pediatrics 2005, 51(4):219-222; Oxford Journals
,Oxford University Press, doi:10.1093/tropej/fmi003.

[17] Sikirat A. Sotimehina, Tamrat I. Runsewe-Abioduna, Olufemi T. Oladapob, Olisamedua
F. Njokanmac and Duro M. Olanrewajua, Possible Risk Factors for Congenital Malaria
at a Tertiary Care Hospital in Sagamu, Ogun State, South-West Nigeria, Journal of
Tropical Pediatrics 2008, 54(5):313-320; Oxford Journals ,Oxford University Press
doi:10.1093/tropej/fmn016

[18] Bridget Fenn, Saul S Morris and Robert E Black, Co morbidity in childhood in northern
Ghana: magnitude, associated factors, and impact on mortality, International Journal of
Epidemiology 2005 34(2):368-375; doi:10.1093/ije/dyh335,0xford Journals, Oxford
University Press.

[19] Ahorlu, Collins K.; Dunyo, Samuel K.; Afari, Edwin A.; Koram, Kwadwo A.; Nkrumabh,
Francis K., (1997), Malaria-related beliefs and behaviour in southern Ghana:
implications for treatment, prevention and control, Tropical Medicine & International
Health, 2(5): 488-498

[20] Yaw Asare Afrane, Eveline Klinkenberg, Pay Drechsel, Kofi Owusu-Daaku, Rolf Garms
and Thomas Kruppa, (2004), Does irrigated urban agriculture influence the transmission
of malaria in the city of Kumasi, Ghana?, Acta Tropica 89( 2): 125-134

[21] N Minakawa, CM Mutero, JI Githure, JC Beier, and G Yan, (1999), Spatial distribution
and habitat characterization of anopheline mosquito larvae in Western Kenya, American
Journal of Tropical Medicine and Hygiene, 61( 6):1010-1016

[22] Fontaine R. E., Najjar A.E., and Prince J. S., The 1958 Malaria Epidemic in Ethiopia,
American Journal of Tropical Medicine and Hygiene, 10(6):795-803.

[23] Tarekegn Abose Abeku, Gerrit J. van Oortmarssen, Gerard Borsboom, Sake J. de Vlas
and J. D. F. Habbema, (2003), Spatial and temporal variations of malaria epidemic risk
in Ethiopia: factors involved and implications , Acta Tropica 87( 3): 331-340.

[24] Hailay D Teklehaimanot, Marc Lipsitch, Awash Teklehaimanot and Joel Schwartz,
(2004), Weather-based prediction of Plasmodium falciparum malaria in epidemic-prone
regions of Ethiopia I. Patterns of lagged weather effects reflect biological mechanisms,
Malaria Journal 2004, 3:41 doi:10.1186/1475-2875-3-41

[25] Frederick AD Kaona and Mary Tuba, (2005). A qualitative study to identify
community structures for management of severe malaria: a basis for introducing rectal
artesunate in the under five years children in Nakonde District of Zambia, BMC Public
Health 2005, 5:28d0i:10.1186/1471-2458-5-28.

-15-



Egyptian Computer Science Journal ,ECS ,Vol. 36 No. 2, May 2012 ISSN-1110-2586

[26] Modest Mulenga, Phidelis Malunga, Steve Bennett, Philip Thuma, Caroline Shulman,
Katherine Fielding, and Brian Greenwood , (2006), Folic Acid Treatment of Zambian
Children with moderate to severe malaria anemia., American Journal of Tropical
Medicine and Hygiene, 74(6): 986-990

[27] Lawrence N Kazembe, Adamson S Muula, Christopher C Appleton and Immo
Kleinschmidt, (2007), Modelling the effect of malaria endemicity on spatial variations in
childhood fever, diarrhoea and pneumonia in Malawi, International Journal of Health
Geographics 6:33, doi:10.1186/1476-072X-6-33

[28] J. Mermin, J. Ekwaru, C. Liechty, W. Were, R. Downing, R. Ransom, P. Weidle, J. Lule,
A. Coutinho, P. Solberg, (2006), Effect of co-trimoxazole prophylaxis, antiretroviral
therapy, and insecticide-treated bednets on the frequency of malaria in HIV-1-infected
adults in Uganda: a prospective cohort study, The Lancet 367(9518):1256-1261

[29] Hamad, A. A., El Hassan, .M., EL Khalifa, A.A., Ahmed, G. I., Abdelrahim, S. A.,
Theander, T. G., and D. E. Arnot, (2000), Chronic Plasmodium falciparum infections in
an area of low intensity malaria transmission in the Sudan, Parasitology 120:447-456
Cambridge University Press.

[30] Stivanello, Elisa; Cavailler, Philippe ; Cassano, Francesco ; Omar, Sabah Ahmed,;
Kariuki, Daniel ; Mwangi, Jonathan; Piola, Patrice; Guthmann, Jean-Paul, (2004),
Efficacy of chloroquine, sulphadoxine-pyrimethamine and amodiaquine for treatment of
uncomplicated Plasmodium falciparum malaria in Kajo Keji county, Sudan, Tropical
Medicine & International Health,2004,9:9

[31] Samuel Jose Alves Mabunda, The Epidemiology and burden of malaria in Mozambique,
2006, PhD Thesis

[32] Gunjan Mansingh; Han Reichgelt; Kweku-Muata Osei Bryson, (2007), CPEST: An
expert system for the management of pests and diseases in the Jamaican coffee industry,
Expert Systems with Applications, 32( 1):184-192

[33] T.A. McMeekin, , J. Baranyi, J. Bowman, P. Dalgaard, M. Kirk, T. Ross, S. Schmid and
M.H. Zwietering, (2006), Information systems in food safety management, International
Journal of Food Microbiology, 112(3): 181-194

[34] Olugbenga Oluwagbemi, Esther Adeoye, Segun Fatumo,(2009) Building a Computer-
Based Expert System for Malaria Environmental Diagnosis: An Alternative Malaria
Control Strategy, Egyptian Computer Science ,Journal VVolume 33(1):55-69

[35] Bonny Bayot, Stanislaus Sonnenholzner, Xavier Ocho, Johanna Guerrerro, Teresa Vera,
Jorge Calderdn, Ignacio de Blas, Maria del Pilar Cornejo-Grunauer, Sam Stern and Frans
Ollevier, (2008), An online operational alert system for the early detection of shrimp
epidemics at the regional level based on real-time production, Aquaculture, 277,( Issues
3-4):164-173

[36] Olugbenga Oluwagbemi, Esther Tolulope Adeoye, and Segun Fatumo, (2009), Building
a Computer-Based Expert System for Malaria Environmental Diagnosis: An Alternative
Malaria Control Strategy, Egyptian Computer Science Journal, 33(1):55 — 69

-16-



Egyptian Computer Science Journal ,ECS ,Vol. 36 No. 2, May 2012 ISSN-1110-2586

[37] Olugbenga Oluwagbemi , Uzoamaka Ofoezie and Nwinyi Obinna (2010), A
Knowledge- based data mining system for diagnosing malaria related cases in
Healthcare Management, Egyptian Computer Science Journal, 34(4)

[38] Olugbenga Oluwagbemi, Tayo Ojutalayo and Nwinyi Obinna, (2010), Development of a
Secured Information System to Manage Malaria Related Cases in South Western region
of Nigeria, Egyptian Computer Science Journal, 34(5):23-34

[39]Enrico Pisoni, Marialuisa Volta,(2009), Modeling Pareto efficient PM10 control policies
in Northern Italy to reduce health effects, Atmospheric Environment, 43 (20) :3243-3248

[40] Niege Aracari Jacometti Cardoso Furtado, Marta Cristina Teixeira Duarte, Sérgio de
Albuquerque, Cesar Melloand Jairo Kenupp Bastos, (2005), Improvement of
trypanocidal metabolites production by Aspergillus fumigatus using neural networks,
Microbiological Research, 160( 2):141-148

[41] V.P. Subramanyam Rallabandi, and S.K. Sett, (2007), Image retrieval system using R-
tree self-organizing map, Data & Knowledge Engineering, 61( 3) 524-539

-17-



